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1. Introduction 2. Syntax Distance Constraint 3. Syntax-Directed Attention & Double Context
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4.Experiments
ZH-EN Dev (NIST02) | NIST03 | NIST04 | NIST05 | NIST06 | NIST08 | AVG ZH-EN Dev (NIST02) | NIST03 | NIST04 | NIST05 | NIST06 | NIST08 | AVG
PBSMT 3315 31.02 33.78 30.33 29.62 23.53 | 29.66 PBSMT 33.15 31.02 33.78 30.33 29.62 23.53 | 29.66
GlobalAtt 37.12 35.24 37.49 34.60 32.48 2632 | 33.25 GlobalAtt 312 35.24 37.49 34.60 32.48 2632 | 3323
Chen et al. (2017) 37.42 35.98 38.34 35.28 33.58 2723 | 34.08 +Chen et al. (2017) 38.11 37.35 39.00 36.12 33.78 27.81 | 34.81
LocalAtt 37.31 35,37 37.85 3493 32.74 26.83 | 33.58 +LocalAtt 37.89 37.06 38.73 36.10 33.62 2743 | 34.59
Flex Att 37.19 35.46 37.81 34.76 32.83 26.71 | 33.51 +FlexibleAtt 37.97 36.86 38.56 35.62 33.94 2137 | 3447
SDALtt 38.01 36.671 | 38.66**7 | 35.74**T | 34.03**T | 27.66**T | 34.55 +SDA(t 38.61 38.19%*T | 39.81**1 | 36.74%x | 34.63*T | 28.61**" | 35.60
EN-DE Dev (newstest2012) | newstest2013 | newstest2014 | newstest2015 | AVG EN-DE Dev (newstest2012) | newstest2013 | newstest2014 | newstest2015 | AVG
PBSMT 14.89 16.75 15.19 16.84 16.35 PBSMT 14.89 16.75 15.19 16.84 16.35
GlobalAtt 17.09 20.24 18.67 19.78 19.56 GlobalAtt 17.09 20.24 18.67 19.78 19.56
Chen et al. (2017) 17.48 21.03 19.43 20.56 20.31 +Chen et al. (2017) 18.03 21.44 19.96 21.07 20.82
LocalAtt 17.19 20.74 19.00 20.15 19.96 +LocalAtt 17.78 21.26 19.87 20.67 20.6
FlexibleAtt 17.24 20.57 19.12 20.03 19.91 +FlexibleAtt 17.56 21.10 19.76 20.74 20.53
SDA(tt 17.86 21.71%1 20.36**1 21,571 21.21 +SDA(t 18.63 22,111 20,751 22,057 | 21.64
Table 1: Results on ZH-EN and EN-DE translation tasks for the proposed syntax-directed attention Table 2: Results on ZH-EN and EN-DE translation tasks for the proposed double context mechanism
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Fig 4: Translation qualities of different sentence lengths

for SDATtt on the ZH-EN task

Fig 5: Translation qualities of different sentence lengths
for Global Att+SDATtt on the ZH-EN task

Fig 6: Translation qualities of different sentence lengths Fig 7: Translation qualities of different sentence lengths
for SDALt on the EN-DE task for Global Att+SDATtt on the EN-DE task






